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Data missing 1s a COIMIMON issue!
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Deep learning can be also a good solution!
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Similar problem to deep learning:
image completation
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Generative Adversarial Net (GAN)
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An improved DCGAN

Generated data
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comparing DCGAN and RDCGAN

DCGAN

a.

R-DCGAN

b. | G(z)




Result: Time and Conditions
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DCGAN can not .work for UT=12
TEC map completion
The result generated by
RDCGAN can shows
satisfactory 1onospheric L UT=18

peak structures at different
times and geomagnetic
conditions.
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How real the result generated by
RDCGAN?
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Summary

Deep learning love big data!
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Thank you!



