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Scalable architectural approaches, techniques, software and algorithms which alter the 
paradigm by which data are collected, managed and analyzed. 

Dan Crichton, JPL
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Someone or something that doesn't fit within traditional academic 
discipline-a field of study with its own particular words, frameworks, and 
methods 

Joi Ito, MIT Media Lab, “Antidisciplinary”
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McGranaghan et al., (2018) in prep.67%
High accuracy predicting when 
scintillation would not occur
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Particle precipitation more 
informative than SW parameters

F-Score (i.e., importance)

Newell, et al., (2007), A nearly universal solar wind-magnetosphere 
coupling function inferred from 10 magnetospheric state variables, 
JGR: Space Physics, doi:10.1029/2006JA012015.
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Semeter, et al. (2017), GPS signal corruption by the discrete aurora. 
GRL, doi:10.1002/2017GL073570

Mrak, et al., (2017), Field- aligned GPS scintillation: Multisensor data 
fusion, JGR: Space Physics, doi:10.1002/2017JA024557.
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Curated Sources of Data Science Learning 
Resources
Ryan McGranaghan running list of resources (Github repository)

• https://github.com/rmcgranaghan/data_science_tools_and_resources

HelioAnalytics website and list of resources
• https://sites.google.com/view/heliodata/resources?authuser=0

https://github.com/rmcgranaghan/data_science_tools_and_resources
https://sites.google.com/view/heliodata/resources?authuser=0

